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Figure 1: Partial dependence plots for patients with a PNH diagnosis 3 to 12 months after a hemoglobin lab test. As expected, Figure 2: Features included in the maximally efficient PNH identification model are indicated in black (auto-selected) and
M ET H O D anemia, low haptoglobin, having flow cytometry, and having hematology procedures were positively associated with PNH purple (manually included) text. Manually removed features are in red. Gray features were not included, but were
diagnosis. Increasing disease burden (Charlson Score) was negatively associated with PNH diagnosis. potential high contributors. The horizontal axis indicates the performance of the model relative to the full, 375-feature

model for area under the precision recall (green) and receiver operating characteristic curves (blue).

e Data: Sourced from the Apollo Database as part
of the Atropos Health Evidence Network (67
million U.S. patients; 1,208 with PNH).

e Analysis: 416K adults with hemoglobin testing CONCLUSIONS REFERENCES ACKNOWLEDGEMENTS

(2016-2023) and no prior PNH diagnosis.

e Cases:ICD-10D59.5 diagnosis 3-12 months This machine learning algorithm performs Worker A, Mahon H, Sams J, Boardman-Pretty F, Marchini E, Dubis R, et al. This study was conducted in collaboration with and supported
post-index Hb (n = 306). sufficiently to be deployed, offering the potential A machine learning algorithm for the detection of paroxysmal nocturnal by Novartis Precision Health.

e Controls: Random sample of Hb-tested patients. to reduce diagnostic delays for patients with haemoglobinuria (PNH) in UK primary care electronic health records.

e Clinical Features: <24 months pre-index. PNH. Setting the threshold for further workup Orphanet J Rare Dis. 2024 Oct 13;19(1):378.

e An XGBoost model (train/test = 70/30) was should be tested within a local environment due doi:10.1186/5s13023-024-03406-4. PMID: 39396996; PMCID:
optimized for precision-recall performance, to variationin lab testing (i.e., Hb) patterns. PMC11479535.
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